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Identifying Opportunities with Weekly Bar Patterns  
-------------------------------------------------------------------------------------------------------

INTRODUCTION

------------------------------------------------------------------------------------------------------

11/27/07 – 0430GMT:

The purpose of this research is to develop a tool for identifying, at an ordinal measurement level, which currency pairs are likely to move in which directions over the coming week.  I intend to use the tool as a quantitative “tie-breaker” in conjunction with the more qualitative tools of TA because those tools don’t lend themselves well to making decisions among several valid opportunities. 

For example I currently follow 18 currency pairs.  Based on a simple moving average trend identification technique, I see that 4 pairs are in downtrends, 3 are in uptrends, 2 are in uptrends but have pulled back and one is in a downtrend which has pulled back.  I could enter any of the intact trends using common price action techniques or I could enter one of the others on a breakout of the pullback.  However, these events often occur simultaneously in several pairs, so the question becomes which one to choose.  Most traders tend to pick the opportunity that “looks the best” but this is subjective and also time consuming because it requires a more in-depth analysis of all valid opportunities before choosing the “best” one.  
My approach will be to create a mutually exclusive and collectively exhaustive set of bar patterns as I have done several times in prior research.  I will use weekly bars for this.  I will then test each pattern’s effects on the next week’s price bar across several currency pairs to see if the relative effects are similar.  This will identify relatively bullish and bearish patterns while decreasing the likelihood that we are making type-I errors.  If the same patterns are bullish and bearish across several unrelated pairs, we are probably not dealing with statistical artifacts.  

Identifying the relative levels of bullishness and bearishness in the patterns is not enough however because there is usually not much more than a 50% probability that a given week’s performance in one pair will match the pattern’s statistically derived directional bias.  So I will be adding an inter-pair confirmation element to this tool.  The idea is basically that if most XXX/JPY pairs have bullish patterns (even if the patterns are different across the pairs) and most EUR/XXX pairs also have bullish patterns, then it becomes more likely that EUR will rise and JPY will drop against other currencies.  So this indicates a possible long opportunity in EUR/JPY.  If this opportunity agrees with the TA on the pair, then we have a valid opportunity.  Further, if we can quantify relative likelihoods (at least in an ordinal sense) then we have a tool which allows us to choose more easily among competing opportunities.  

-------------------------------------------------------------------------------------------------------

DATASET

------------------------------------------------------------------------------------------------------

11/27/07 – 0600GMT:

I’ll be using 207 weekly bars for 14 pairs from Dukascopy.com.  The date range is from 11/24/03 to 11/19/07.   The 14 pairs are AUD/JPY, AUD/USD, CHF/JPY, EUR/CHF, EUR/GBP, EUR/JPY, EUR/USD, GBP/CHF, GBP/JPY, GBP/USD, NZD/USD, USD/CAD, USD/CHF, USD/JPY
I didn’t need to wash the data because these are weekly bars and there were no weekend zero-volume bars to eliminate.  

----------------------------------------------------------------------------------------------------------

PATTERNSET

----------------------------------------------------------------------------------------------------------

11/27/07 – 1900GMT:

I’ll be using a basic 16 pattern set that takes into account the internal configuration of the last bar as well as it’s relationship to the bar just prior to it.  So we’ll be looking at the four standard possible relationships; higher bar, lower bar, inside bar and outside bar.  For each of these I’ll be looking at whether the open and close were above or below the midpoint of the bar.  This gives us four basic internal configurations; long upper shadow, green bar, red bar, and long lower shadow.  
The four specific binary conditions will be:

Bit=1




Bit=0
H2 > H1 

or 

H2<=H1

L2 >= L1 

or

L2 < L1

Open2 > midpoint2 
or 

Open2 <= midpoint2

Close2 > midpoint2 
or 

Close2 <=midpoint2

So for example the pattern 0110 signifies an inside red bar.  Note that bars that are identified as having a long tail in one direction or the other may be either red or green.  This pattern set doesn’t have high enough resolution to capture that detail.  So I’m using the terms “red bar” and “green bar” to denote those bars which we know must be that color because they opened in one half of the bar and closed in the other.  
----------------------------------------------------------------------------------------------------------

PATTERN TESTING

----------------------------------------------------------------------------------------------------------

As a baseline control group I will look at the mean change in close from one bar to the next for the last 205 bars in the series.  This allows the use of the first two bars for the purpose of identifying a pattern.  So I’ll be looking at the changes from 2(3, from 

3(4 and so on all the way to 206(207.  This is just the total change from 2(207 divided by 205.  There are 206 bars in the range 2(207 so there are 205 changes.  Right.  

Then I will isolate only the bars that match each pattern and find the mean change in only those bars.  I’ll normalize the delta between the pattern bars and the control group by dividing the delta mean by the absolute value of the control mean.  This will eliminate differences in absolute pip movement values between different pairs by describing the relationship between the pattern bars and the control bars as a percentage.

Finally, I’ll compare the 16 percentage values across all 14 pairs to see the level of uniformity in the pattern/price relationships.  If the results are acceptable I can move on the development of the trading tool.

Once I set up my Excel spreadsheet for testing, I’ll do an example calculation for each level of the analysis as I go along.    
0800GMT:
Starting with AUD/JPY we have a change in price of 1,614 pips over the 205 week period for an average of 7.87 pips per week.  This is our control value.  For pattern 

#0000 which is a lower bar with a long lower tail we see 3 instances with changes of -46 pips, +105 pips and -57 pips for an average of +0.67 pips.  The delta is:

0.67 – 7.87 = -7.20.  Dividing this by the absolute value of -7.87 we have:

-7.20/7.87 = -92%  which means that this pattern had the average effect of lowering the price change by almost the full amount of the average amount across all the bars.  
0830GMT:

Bleh.  This method gives me percentages that are all over the map ranging from 

-11,976% to +1,610% for all 16 patterns in the set.  The reason is of course that some patterns will appear only a few times leading to small denominators in the mean calculation.  I need to constrain these values somehow.  

One way I had thought of earlier was to simply look at the net contribution of each pattern to the overall price movement during the entire series, but I discarded this just for the very reason that it wouldn’t take into account the relative frequency of occurrence of the patterns.  Now I see that accounting for these relative frequencies are giving me results that aren’t useful.  
By using the mean, I’m saying in effect that an average bar for AUD/JPY rises by about 8 pips, but that an average bar of pattern X falls by 900 pips.  But this is because there is only one bar for Pattern X, so can we really say anything about what an “average” bar of this pattern will do?  Not on so little data.  

What we can say on the other hand is that the total rise of AUD/JPY over the period was 1,614 pips and that the total contribution of bars with pattern X to this total was -900 pips or -900/1,614 = -56%.  Yes, pattern X may be very bearish when it occurs, but it doesn’t occur very often.  Our method should take both facts into account.  I’m switching from the “per/bar” method to the “total contribution” method.  
Much better.  Here are the results for AUD/JPY:

	Results
	Lower Bar
	Inside Bar
	Outside Bar
	Higher Bar

	
	US
	Green
	Red
	LS
	US
	Green
	Red
	LS
	US
	Green
	Red
	LS
	US
	Green
	Red
	LS

	AUD/JPY
	0%
	-41%
	65%
	82%
	24%
	2%
	25%
	0%
	-58%
	9%
	26%
	-33%
	-72%
	55%
	32%
	-16%


These 16 percentages add up to 100% and show the contribution of each pattern to what the overall price series did.  We see some expected behavior here.  So called “pin bars” which are lower bars with long lower shadows or higher bars with upper shadows show a tendency to be followed by a price move in the opposite direction.  
Next I’ll apply this method to the other pairs to see if the results are similar.  

11/27/07 – 1900GMT:

The results are inconclusive and ridiculous.  Below is a chart by pair and pattern.  The problem is that by dividing by the total number of pips moved by the pair over the period, I am creating extreme variability in the magnitudes of these test values. 
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I’m going to try a slightly different approach in order to normalize these values within a standard bounded range.  

Let’s go back to just the AUD/JPY again.  We know that the pair moved up by 1,614 pips during the 205 week period.  This is an average gain of 7.9 pips per week.  However, this involves the risk of being in the market for each of those 205 weeks as well.  This is why the number of occurrences of each pattern matters and why we should look at the mean per bar value as opposed to the total over the period.  So for each pattern we look at the average gain/loss in pips per bar with the convention that if a pattern does not occur its average gain/bar is zero.  For AUD/JPY we have:
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Now this still gives us a large outlier on the ninth pattern because it only occurred once and was followed by a large decline.  But now I will normalize the magnitudes of the values by using the largest magnitude as a unit measure.  By dividing each of these pip/bar values by the absolute value of the largest of them, we get values that always fall in the interval from -100% to +100%.    The rationale for this is that the largest magnitude value of pips/bar for any pattern shows us the maximum possible potential of a pattern, and all other patterns are measured with respect to that yardstick.  

So for AUD/JPY we have:
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This looks like the last chart except that now the vertical scale is a standard one bounded by +/- 100%   Now we can compare the values across pairs on a common scale.  We can determine the variability of the results for one pattern by noting its total range of values relative to this 200% interval.  
All the pairs are complete.  Here are the full results:

	Results
	Lower Bar
	Inside Bar
	Outside Bar
	Higher Bar

	
	US
	Green
	Red
	LS
	US
	Green
	Red
	LS
	US
	Green
	Red
	LS
	US
	Green
	Red
	LS

	AUD/JPY
	0%
	-6%
	3%
	7%
	7%
	0%
	14%
	0%
	-100%
	4%
	5%
	-19%
	-6%
	2%
	5%
	-3%

	AUD/USD
	-7%
	10%
	5%
	-6%
	79%
	-44%
	77%
	100%
	-97%
	58%
	-21%
	-1%
	20%
	2%
	9%
	-51%

	CHF/JPY
	5%
	16%
	47%
	18%
	62%
	7%
	-13%
	17%
	-12%
	13%
	36%
	-100%
	30%
	-19%
	-27%
	-12%

	EUR/CHF
	-92%
	23%
	43%
	-34%
	91%
	49%
	47%
	32%
	-100%
	-19%
	-39%
	44%
	-25%
	30%
	-13%
	13%

	EUR/GBP
	13%
	-41%
	37%
	-3%
	10%
	-73%
	61%
	-100%
	56%
	-28%
	-30%
	-24%
	-54%
	2%
	20%
	-45%

	EUR/JPY
	16%
	24%
	65%
	39%
	62%
	-5%
	-32%
	-3%
	-100%
	29%
	31%
	-78%
	40%
	-14%
	-16%
	54%

	EUR/USD
	-17%
	-55%
	32%
	-14%
	1%
	48%
	-58%
	87%
	56%
	5%
	100%
	88%
	-23%
	5%
	50%
	21%

	GBP/CHF
	31%
	-46%
	13%
	5%
	100%
	13%
	62%
	19%
	-26%
	5%
	-9%
	48%
	-42%
	-5%
	19%
	-2%

	GBP/JPY
	1%
	-3%
	18%
	1%
	-2%
	2%
	34%
	-7%
	-100%
	28%
	9%
	-63%
	-12%
	1%
	21%
	-19%

	GBP/USD
	36%
	-27%
	30%
	-1%
	-61%
	-35%
	-15%
	100%
	40%
	-3%
	41%
	78%
	-12%
	13%
	5%
	18%

	NZD/USD
	0%
	36%
	4%
	-6%
	57%
	-40%
	100%
	64%
	1%
	20%
	30%
	72%
	29%
	-10%
	-34%
	4%

	USD/CAD
	1%
	-52%
	-5%
	16%
	-100%
	66%
	51%
	-75%
	-19%
	-74%
	-65%
	-35%
	-41%
	-7%
	23%
	-34%

	USD/CHF
	-4%
	37%
	0%
	4%
	-44%
	8%
	-5%
	-49%
	81%
	-100%
	-7%
	5%
	-7%
	-7%
	22%
	-38%

	USD/JPY
	75%
	-54%
	30%
	-37%
	14%
	-28%
	25%
	23%
	-38%
	-13%
	48%
	67%
	-100%
	-1%
	34%
	-25%


Note that for each pair there is either a positive or negative 100% value, with all other values for that pair calculated with reference to that standard.  

----------------------------------------------------------------------------------------------------

CONSISTENCY TESTING

-----------------------------------------------------------------------------------------------------

Now we need to turn our attention by 90 degrees and look at each pattern across the various pairs to see if the results are similar.  Here is a scatterplot of one of the patterns (red lower bar) for all 14 pairs:
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This illustrates the kind of thing I was hoping to see in most of the patterns.  This pattern is predominantly bullish.  For almost all pairs the average pips/bar gained from trading this pattern are positive or close to zero.  To summarize this kind of information I’ll create a distribution of the 14 pair values for each pattern.
11/28/07 – 1700GMT:

Here is the distribution of the results shown on page 7 for each pattern across all 14 pairs.  
	Distributions
	-100%
	-75%
	-50%
	-25%
	0%
	25%
	50%
	75%
	Mean

	
	-75%
	-50%
	-25%
	0%
	25%
	50%
	75%
	100%
	

	Lower Bar
	US
	1
	0
	0
	4
	6
	2
	0
	1
	4%

	
	Green
	0
	3
	3
	2
	4
	2
	0
	0
	-10%

	
	Red
	0
	0
	0
	2
	5
	6
	1
	0
	23%

	
	LS
	0
	0
	2
	5
	6
	1
	0
	0
	-1%

	Inside Bar
	US
	1
	1
	1
	1
	4
	0
	3
	3
	20%

	
	Green
	0
	1
	4
	1
	5
	2
	1
	0
	-2%

	
	Red
	0
	1
	1
	3
	2
	2
	3
	2
	25%

	
	LS
	1
	1
	1
	2
	4
	1
	1
	3
	15%

	Outside Bar
	US
	5
	0
	2
	2
	1
	1
	2
	1
	-26%

	
	Green
	1
	1
	1
	3
	5
	2
	1
	0
	-5%

	
	Red
	0
	1
	2
	3
	2
	5
	0
	1
	9%

	
	LS
	2
	1
	1
	3
	1
	2
	2
	2
	6%

	Higher Bar
	US
	1
	1
	3
	5
	1
	3
	0
	0
	-15%

	
	Green
	0
	0
	0
	7
	6
	1
	0
	0
	-1%

	
	Red
	0
	0
	2
	2
	8
	1
	1
	0
	8%

	
	LS
	0
	1
	3
	5
	4
	0
	1
	0
	-9%


I’d like to get a more objective measure of the extent of this clustering above what would be normal, so I’ll approximate a normal distribution of our 14 values to be:
	-100%
	-75%
	-50%
	-25%
	0%
	25%
	50%
	75%

	-75%
	-50%
	-25%
	0%
	25%
	50%
	75%
	100%

	1
	1
	2
	3
	3
	2
	1
	1


On the next page is a table similar to the one above showing the percentage by which the actual results exceed the approximated normal result.
	Distributions
	-100%
	-75%
	-50%
	-25%
	0%
	25%
	50%
	75%
	Mean

	
	-75%
	-50%
	-25%
	0%
	25%
	50%
	75%
	100%
	

	Lower Bar
	US
	 
	 
	 
	33%
	100%
	 
	 
	 
	4%

	
	Green
	 
	200%
	50%
	 
	33%
	 
	 
	 
	-10%

	
	Red
	 
	 
	 
	 
	67%
	200%
	 
	 
	23%

	
	LS
	 
	 
	 
	67%
	100%
	 
	 
	 
	-1%

	Inside Bar
	US
	 
	 
	 
	 
	33%
	 
	200%
	200%
	20%

	
	Green
	 
	 
	100%
	 
	67%
	 
	 
	 
	-2%

	
	Red
	 
	 
	 
	 
	 
	 
	200%
	100%
	25%

	
	LS
	 
	 
	 
	 
	33%
	 
	 
	200%
	15%

	Outside Bar
	US
	400%
	 
	 
	 
	 
	 
	100%
	 
	-26%

	
	Green
	 
	 
	 
	 
	67%
	 
	 
	 
	-5%

	
	Red
	 
	 
	 
	 
	 
	150%
	 
	 
	9%

	
	LS
	100%
	 
	 
	 
	 
	 
	100%
	100%
	6%

	Higher Bar
	US
	 
	 
	50%
	67%
	 
	50%
	 
	 
	-15%

	
	Green
	 
	 
	 
	133%
	100%
	 
	 
	 
	-1%

	
	Red
	 
	 
	 
	 
	167%
	 
	 
	 
	8%

	
	LS
	 
	 
	50%
	67%
	33%
	 
	 
	 
	-9%


Note that the least possible sum of these percentages is 0% for a pattern which fits the distribution exactly (very low similarity in behavior across pairs) and the highest possible value is 1,300% for a pattern in which all 14 pairs show values at one of the extremes (very high similarity across pairs).  This allows us to create a “similarity index” that runs from 0% to 100% by simply dividing the sums of the percentages by 1,300%:

	Similarity Index

	

	Lower Bar
	US
	10%

	
	Green
	22%

	
	Red
	21%

	
	LS
	13%

	Inside Bar
	US
	33%

	
	Green
	13%

	
	Red
	23%

	
	LS
	18%

	Outside Bar
	US
	38%

	
	Green
	5%

	
	Red
	12%

	
	LS
	23%

	Higher Bar
	US
	13%

	
	Green
	18%

	
	Red
	13%

	
	LS
	12%


Now we can look at the two extremes.  The least consistent pattern is the outside green bar.  Here’s its scatterplot from the data on page 7:
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Except for a slight downward bias, this pattern was all over the map.  Looking back at the data on page 7 I see that trading on this pattern on the USD/CHF yielded a greater magnitude result than any other pattern in that pair, and was negative.  This is the -100% data point above.  On the AUD/USD however, trading only this pair yielded a positive result which had a magnitude 58% as large as the largest magnitude result from AUD/USD.  
Now here is the scatterplot for the most consistent pattern which is the outside bar with an upper shadow with a similarity index of 38%.  
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Now this pattern was negative in 9 out of the 14 pairs, and in 5 cases had the greatest magnitude performance as well, all negative.  

So it looks like the “similarity index” is a good gauge of how consistent the pattern is across pairs.  I’d like to use the means from the data on page 7 to assign bullish and bearish strength values to each pattern, so the point of all this is to see if the magnitude of the mean is a good measure of the consistency of the pattern.  In other words, just because the pattern has a mean performance of -26% does that mean that it is consistently negative across most pairs or is this just the result of one very bearish performance in a single pair?  So now I’ll compare the “similarity index” values to the absolute values of the means for each pattern in a scatterplot:
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Zippy.  So the absolute values of the means is a good measure of how consistently the pattern behaves across pairs.  Now this isn’t an exact science so I don’t really need to worry too much about the actual values of the means.  I’d really just like to assign a bullish or bearish index value to each pattern based on its mean.  After messing around with the distribution chart of the means, I came up with these 10 divisions:
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Here are the pattern values I’ll use.  They’re based on a scale from -5 to +5.  

	Pattern Values

	

	Lower Bar
	US
	1

	
	Green
	-2

	
	Red
	4

	
	LS
	-1

	Inside Bar
	US
	4

	
	Green
	-1

	
	Red
	5

	
	LS
	3

	Outside Bar
	US
	-5

	
	Green
	-1

	
	Red
	2

	
	LS
	1

	Higher Bar
	US
	-3

	
	Green
	-1

	
	Red
	2

	
	LS
	-2


-------------------------------------------------------------------------------------------------------

TOOL DEVELOPMENT

-------------------------------------------------------------------------------------------------------

To reiterate, these patterns by themselves are NOT tradable because we’re still dealing with a lot of randomness here.  I can’t just see an outside weekly bar with an upper shadow on some pair and assume that the pair is likely to go down next week because that pattern is very negative.  Looking at the data on page 7, we can see that this would have been a disastrous strategy to use with EUR/USD, EUR/GBP or USD/CHF over the past 4 years.  This pattern was very bullish in those pairs.  

As I mentioned in the introduction, I simply want to use these bullish/bearish pattern values to arrive at a relative ranking of competing opportunities that I have identified through standard technical and/or fundamental analysis.  
Now that we’ve established that patterns with strong bullish or bearish values are consistent across MOST pairs, we can move onto the next level of confirmation.  As I mentioned in the introduction, this will involve checking all pairs simultaneously to see which are showing bullish or bearish patterns.  By cross referencing across pairs we can identify currencies that look consistently weak or strong across several pairs.  If we know the relative strength or weakness of the currencies we will also know the relative strength or weakness of each pair.  

We can then use this ranking as a way of choosing between competing opportunities.   I do not intend to use the ranking as a stand alone indicator however.  Just because this tool indicates that GBP/JPY might be strong next week, if that pair is in a downtrend and other TA suggests that it will continue down I would not override that analysis with this tool.  Although I would certainly keep an eye out for a weakening of the trend.    
12/2/07 – 2000GMT:
I have the tool on Excel completed so I’ll finish off these notes with an illustration of how it works.  Using the last two completed weekly bars, we have the following results for 20 currency pairs (I’ve added gold and silver to the list):

	Pair
	Bar Pattern
	Value

	AUD/JPY
	Lower Bar
	Green
	-2

	AUD/NZD
	Lower Bar
	LS
	-1

	AUD/USD
	Inside Bar
	Green
	-1

	CAD/JPY
	Lower Bar
	Green
	-2

	CHF/JPY
	Lower Bar
	US
	1

	EUR/AUD
	Higher Bar
	Red
	2

	EUR/CAD
	Higher Bar
	US
	-3

	EUR/CHF
	Higher Bar
	Green
	-1

	EUR/GBP
	Lower Bar
	Red
	4

	EUR/JPY
	Lower Bar
	Green
	-2

	EUR/USD
	Inside Bar
	Red
	5

	GBP/CHF
	Higher Bar
	Green
	-1

	GBP/JPY
	Higher Bar
	Green
	-1

	GBP/USD
	Higher Bar
	US
	-3

	NZD/USD
	Higher Bar
	Green
	-1

	USD/CAD
	Outside Bar
	Green
	-1

	USD/CHF
	Higher Bar
	Green
	-1

	USD/JPY
	Outside Bar
	Green
	-1

	GOLD
	Higher Bar
	Red
	2

	SILVER
	Outside Bar
	Red
	2


Now to find the strengths for each individual currency, we add up the values for those pairs in which the currency is the base currency and subtract the values for any pairs in which the currency is the counter currency.  We then divide this total by the number of pairs we used in order not to give undue weight to currencies that appear in more pairs.  
So our strength calculation for AUD would be the total of the three AUD/XXX pairs, minus the value for EUR/AUD (because AUD is the counter currency in that pair), all divided by 4:  (-2 -1 -1 -2)/4 = -6/4 = -1.50
The Canadian dollar appears in three pairs, but is the counter currency in two of them.  The CAD strength is: (-2 +3 +1) / 3 = +2/3 = +0.67

On the next page is a list of the strengths of all the currencies plus gold and silver.

	Composites

	AUD
	-1.50

	CAD
	0.67

	CHF
	1.00

	EUR
	0.83

	GBP
	-2.25

	JPY
	1.17

	NZD
	0.00

	USD
	-0.78

	GOLD
	2.00

	SILVER
	2.00


Finally, based on these relative strengths, we recombine the currencies back into pairs with the strength of the pair equal to the strength of the base currency minus the strength of the counter currency.  So the strength of AUD/JPY would be:
-1.50 – 1.17 = -2.67

This final value reflects a series of facts.   All three AUD/XXX pairs had bearish bar patterns.  EUR/AUD had a bullish pattern, further reducing the expected strength of AUD.  All six of the XXX/JPY pairs with the exception of CHF/JPY had bearish bar patterns.  This leads us to expect a strong yen next week.  So our expectation for a weak AUD and a strong yen leads us to the expectation of a weak AUD/JPY.  All of the expected pair strengths are calculated in this way.  Here are the results:

	Patterns
	AUD
	CAD
	CHF
	EUR
	GBP
	JPY
	NZD
	USD

	AUD
	 
	 
	 
	 
	 
	-2.67
	-1.50
	-0.72

	CAD
	 
	 
	 
	 
	 
	-0.50
	 
	 

	CHF
	 
	 
	 
	 
	 
	-0.17
	 
	 

	EUR
	2.33
	0.17
	-0.17
	 
	3.08
	-0.33
	 
	1.61

	GBP
	 
	 
	-3.25
	 
	 
	-3.42
	 
	-1.47

	JPY
	 
	 
	 
	 
	 
	 
	 
	 

	NZD
	 
	 
	 
	 
	 
	 
	 
	0.78

	USD
	 
	-1.44
	-1.78
	 
	 
	-1.94
	 
	 

	Gold
	 
	 
	 
	 
	 
	 
	 
	2.78

	Silver
	 
	 
	 
	 
	 
	 
	 
	2.78


Again, this tool is not for standalone analysis.  Just because it shows that GBP/JPY should be weak, I wouldn’t take a short position just on the basis of this.  However, if my standard TA showed shorting opportunities in both AUD/USD and GBP/USD, this tool helps me to make a decision between the two.  I would go with the GBP/USD short because that pair looks like the weaker of the two this week.  This is a “tie breaking” tool.  
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